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Design of the Optimal Fuzzy Prediction Systems using RCGKA
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Abstract

In the case of traditional binary encoding technique,

it takes long time to

converge the optimal solutions and brings about complexity of the systems due to

encoding and decoding procedures.

However,

the ROGAs (real-coded genetic

algorithms) do not require these procedures, and the k-means clustering algorithm
can avoid global searching space. Thus, this paper proposes a new approach by

using their advantages.

The proposed method constructs the multiple predictors using the optimal
differences that can reveal the patterns better and properties concealed in non-—
stationary time series where the k-means clustering algorithm is used for data
classification to each predictor, then selects the best predictor. After selecting the
best predictor, the cluster centers of the predictor are tuned finely via RCGKA in
secondary tuning procedure. Therefore, performance of the predictor can be more

enhanced.
Finally,

simulating typical time series examples.

Il = RCGA, RCGKA, t& o=,

we verifies the prediction performance of the proposed system via

Hlo]E] 77, A
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