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Abstract A data stream is a massive unbounded sequence of data elements continuously
generated at a rapid rate. Due to the characteristics of a data stream, it is impossible to save all the
data elements of a data stream. Therefore it is necessary to define a new synopsis structure to store
the summary information of a data stream. For this purpose, this paper proposes a cuboid prefix tree
that can be effectively employed in evaluating an iceberg query over data streams. A cuboid prefix
tree only stores those itemsets that consist of grouping attributes used in GROUP BY query. In
addition, a cuboid prefix tree can compute multiple iceberg queries simultaneously by sharing their
common sub-expressions. A cuboid prefix tree evaluates an iceberg query over an infinitely generated
data stream while efficiently reducing memory usage and processing time, which is verified by a series
of experiments.
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