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Abstract

As a Subjective recegnition effect, human’s emotion has impulsive characteristic and it expresses intentions and needs
unconsciously. These are pregnant with information of the context about the ubiquitous computing environment or
intelligent robot systems users. Such indicators which can aware the user's emotion are facial image, voice signal,
biological signal spectrum and so on. In this paper, we generate the each result of facial and voice emotion
recognition by using facial image and voice for the increasing convenience and efficiency of the emotion recognition.
" Also, we extract the feature which is the best fit information based on image and sound to upgrade emotion
recognition rate and implement Multi-Modal Emotion recognition system based on feature fusion. Eventually, we
propose the possibility of the ubiguitous computing service reasoning method based on Bayesian Network and
ubiquitous context scenario in the ubiquitous computing environment by using result of emotion recognition

Key Words @ Multi-Modal Emotion Recognition, Service Inference, Bayesian Network
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Table 1. Initial Parameters for ANN

[ Parameter Values
Input Units 3~5
Hidden Units 11
Output Units 2
Learning rate 0.003

Tolerance 0.25
Sigmoid Function 1/(1+e %)
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Table 2. Scenario of context recognition for service
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Fig. 8. Service reasoning model based on emotion
recognition results and context recognition scenario
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