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Abstract A name is a key feature for distinguishing people, but we often fail to discriminate
people because an author may have multiple names or multiple authors may share the same name.
Such name ambiguity problems affect the performance of document retrieval, web search and database
integration. Especially, in bibliography information, a number of errors may be included since there are
different authors with the same name or an author name may be misspelled or represented with an
abbreviation. For solving these problems, it is necessary to disambiguate the names inputted into the
database. In this paper, we propose a method to solve the name ambiguity by using social networks
constructed based on the relations between authors. We evaluated the effectiveness of the proposed
system based on DBLP data that offer computer science bibliographic information.
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Algerithm 1 Detect Longest Cycles

1: procedure VOID DETECTLONGESTCYCLES(C')
cycleList « setDescendingOrder(C)
targetCycle «— getFirstElement(cycleList)
while cycleList is not Empty do

compCycle — getNextElement(cycleList)

if compClycle C targetCycle then

longestCycles.add(compCycle)
end if

end while

D I S

while longestCycles is not Empty do
cycle — get NextElement{longestCycles)

while such mc exists do
lc — cycle Ume
longestCycles.remove(me)
longestCycles.remove(cycle)
longestCycles.add(lc)

end while

19: end while

20: end procedure
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