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A Study on the Selection of Parameters and Application
of SVM for Software Cost Estimation
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Abstract

The accurate estimation of software development cost is important to a successful development in
software engineering. This paper presents a software cost estimation method using a support vector
machine. Support vector machine is one of the efficient techniques for classification, and it is the
classification method of input data based on Maximum-Margin Hyperplane. But SVM has the
problem of the selection of optimal parameters, because it is dependent on user’s parameters. This
paper selects optimized SVM parameters using advanced method, and estimates software

development cost. The proposed approach outperform some recent results reported in the literature.

» Keyword : 2ZE90] 7|8 (Software Development Cost), MZE HE HM{Support
Vector Machine), #& m2j0|e{(Optimal Parameters)
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N c o e Training Data TestData
MMRE | PRED(25) | MMRE | PRED(25)

1 749110 | 859.72 | 103.56 | 0.59 0.37 0.3 0.36
2 | 3774510 | 1940.23 | 23369 | 0.58 0.43 0.36 0.4
3 | 1705584 | 130215 | 15684 | 0.59 0.38 0.35 0.37
4 | 748742 | 850.50 | 10352 | 0.59 0.37 0.36 0.36
5 91078 | 28474 | 3430 | 0.64 0.39 0.47 0.37
6 | 804648 | 891.43 |107.37 | 0.59 0.37 0.36 0.37
7 | 7780429 | 2789.16 [ 33594 | 0.62 0.4 0.39 0.44
8 | 4050066 | 201228 | 242.37 | 0.59 0.43 0.37 0.4
9 57742 | 21850 | 26.32 | 0.68 0.44 0.53 0.39
10 | 9003 | 28636 | 3449 | 064 0.39 0.47 0.37
11 | 4007301 | 1999.33 | 240.81 | 0.59 0.43 0.37 0.41
12 | 190712 | 42510 | 51.20 | 061 0.39 0.40 0.37
13 | 10185073 | 3180.98 | 384.22 | 0.64 0.39 0.40 0.39
14 | 4811307 219119 | 263.92 | 0.61 0.42 0.38 0.44
15 | 736958 | 85262 | 10269 | 0.59 0.37 0.36 0.36
16 ] 11249901 | 3362.61 | 403.81 | 065 0.40 0.40 0.39
17 | 8511307 | 2015.72 1 35119 | 063 0.4 0.39 0.42
18 | 7206060 | 2600.44 | 32514 | 0.62 0.4 0.39 0.44
19 | 1800780 | 1341.56 | 161,59 | 0.59 0.39 0.35 037
20 | 745107 | 857.38 {10327 | 059 0.37 0.36 0.36
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