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Abstract Constructing an ontology using a mass
corpus begins with an automatic semantic relation
extraction. A general method regards words appearing
between terms as patterns which are used to extract
semantic relations. However, previous approaches
consider only one sentence to extract a pattern, so they
cannot extract semantic relations for terms in different
sentences. This paper proposes a semantic relation
extraction method using pairs of patterns sharing a term,
where each pattern is extracted using one of the seed
term pair satisfying the target relation. In our expe-
riments, we achieved the accuracy 83.75% improving
previous methods by 7.5% in is-a relation and the
accuracy 83.75% improved by 5% in part-of relation. We
also present a possibility of improving the recall by the
relative recall.
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A computer wastes electricity.
Machines use electricity.

o] 2. a. Rain wet clothes.
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Clothes cleaned by the water.
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