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Mobile Automatic Conversion System using MLP

Eunjung Han', Changhyuk Jang”, Keechul Jung™

ABSTRACT

The recent mobile industry is providing of a lot of image on/off-line contents are being converted
into the mobile contents for architectural design. However, it is difficult to provide users with the existing
on/off-line contents without any considerations due to the small size of the mobile screen. In existing
methods to overcome the problem, the comic contents on mobile devices are manually produced by com~
puter software such as Photoshop. In this paper, 1 describe the Automatic Comics Conversion(ACC) sys—
tem that provides the variedly form of offline comic contents into mobile device of the small screen
using Multi-Layer Perceptorn(MLP). ACC produces an experience together with the comic contents fitting
for the small screen, which introduces a clustering method that is useful for variety types of comic images
and characters as a prerequisite as a stage for preserving semantic meaning. An application is fo use
the frame form of pictures, website and images in order into mobile device the availability and can bounce
back the freeze images contents into dynamic images content.
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