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Analysis

kkk K

Yoo-Joo Choi*, Hyang-Kyoung Son**, Jung-Min Park ***, Nammee Moon

o of
09

& =E& 7129 Haar A1 573 718 42 2 & 7149 ¢AE 2dste 59 2 $#20% g4 sj2gady
71dte] w2 A& P2 AL AL 1L WBAE GRelA FH 4 o s AR P4 5

Alete G4 3| 2E09 93E AT dlelx 3 FE71E ol 83l HE] 99S B §Ad e
30 AYR L 718 A2 B4 I A2 vl vEE IFFE B4 #29 a g4d sl2E0de
18 oe Fd 974 Bil ohzt 5 2 3 Gy ojuir} 7RI 4 el Bl
o2 HA&she 22 BAFI.

\leg

9 oY o

o
)
i)
o
i:2
o
k3

Abstract

In this paper, we propose a head detection method based on vertical and horizontal pixel
histogram analysis in order to overcome drawbacks of the previous head detection approach using
Haar-like feature-based face detection. In the proposed method, we create the vertical and
horizontal foreground pixel histogram images from the background subtraction image, which
represent the number of foreground pixels in the same vertical or horizontal position. Then we
extract feature points of a head region by applying Harris corner detection method to the
foreground pixel histogram images and by analyzing corner points. The proposal method shows
robust head detection results even in the face image covering forelock by hairs or the back view

image in which the previous approaches cannot detect the head regions.
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Fig 1. Procedure of the proposed method
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Fig 2. Original image(a) and Background subtraction image(b)
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Fig 3. Vertical foreground pixel histogram(a) and
Horizontal foreground pixel histogram for the range
x1, x2)(b).
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