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Abstract Sign language spotting is the task of detecting the start and end points of signs from
continuous data and recognizing the detected signs in the predefined vocabulary. The difficulty with
sign language spotting is that instances of signs vary in both motion and shape. Moreover, signs have
variable motion in terms of both trajectory and length. Especially, variable sign lengths result in
problems with spotting signs in a video sequence, because short signs involve less information and
fewer changes than long signs. In this paper, we propose a method for spotting variable lengths signs
based on semi~CRF (semi-Markov Conditional Random Field). We performed experiments with ASL
(American Sign Language) and KSL (Korean Sign Language) dataset of continuous sign sentences to
demonstrate the efficiency of the proposed method. Experimental results show that the proposed
method outperforms both HMM and CRF.

Key words : Sign language recognition, sign language spotting, CRF(conditional random field),

semi-CRF(semi-Markov conditional random field)
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