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Abstract Recently, as the interest of ubiquitous
computing has been increased there has been lots of
research about recognizing human activities to provide
services in this environment. Especially, in mobile
environment, contrary to the conventional vision based
recognition researches, lots of researches are sensor
based recognition. In this paper we propose to recognize
the user’s activity with multi-modal sensors using
hierarchical dynamic Bayesian networks. Dynamic Baye-
sian networks are trained by the OVR(One-Versus
-Rest) strategy. The inferring part of this network uses
less calculation cost by selecting the activity with the
higher percentage of the result of a simpler Bayesian
network. For the experiment, we used an accelerometer
and a physiological sensor recognizing eight kinds of
activities, and as a result of the experiment we gain
97.4% of accuracy recognizing the user’s activity.
Dynamic Bayesian networks, activity
recognition, multi-modal sensors
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