82 ARDEE=ER LZEYol 2 38 A 3B d A 1 EQ0.D

A5 F3 AL A AT
Coarticulation A=
(Automatic Coarticulation Detection for Continuous Sign
Language Recognition)

%8’ of 4 & "

(Hee-Deok Yang)  (Seong-Whan Lee)

2 % £33 HEe 495" & FH94 vl de 58 dolg FE ¥ e AL Tooh 3
& «l AU 2Ye W} gty M 3 EFAA FIE Fese A& ¢ A o
o} B3], Aasdd 55 Fgoe v Ak 8, $30) old &5 o] RN 2AE % i)
Ae CRF((,ondltlonal Random Field)o] 7|9+ 223 A% 24L& Aot Ay 2de 73 o
A Ao 3 &5 £ okd £54e PEsY AT H3F JAA 9L FYP £,
3 A% 9 949 A% 4L A & ZF 7N 3 9F7), F& 53 AE7], £ (subsign) F
E78 AtE Aot Festg A8 Au, AgtE e g9 35 B3 doleelA] 8% AHE
£, Aol 4&9 S8 B dolelol 94%9] A4ES Yo, HF QAR ud, g 55 Aae
7], & B 71wt 53 AF7), BAR] 38718 AMSSHA] 2 CRF 29e 959 53 52 dleletdA
74%9 HEE, AHHo] AZd 53 FF dojgolA 90%Y JHES EATh

A8 . 3 A4, 438 #HZ, Conditional Random Field, YAXN =g

Abstract Sign language spotting is the task of detecting and recognizing the signs in a signed
utterance. The difficulty of sign language spotting is that the occurrences of signs vary in both motion
and shape. Moreover, the signs appear within a continuous gesture stream, interspersed with transitional
movements between signs in a vocabulary and non-sign patterns(which include out-of-vocabulary
signs, epentheses, and other movements that do not correspond to signs). In this paper, a novel method
for designing a threshold model in a conditional random field(CRF) model is proposed. The proposed
model performs an adaptive threshold for distinguishing between signs in the vocabulary and non-sign
patterns. A hand appearance-based sign verification method, a short-sign detector, and a subsign
reasoning method are included to further improve sign language spotting accuracy. Experimental
results show that the proposed method can detect signs from continuous data with an 88% spotting
rate and can recognize signs from isolated data with a 94% recognition rate, versus 74% and 90%
respectively for CRFs without a threshold model, short-sign detector, subsign reasoning, and hand
appearance-based sign verification.
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