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Abstract

This paper presents a new postprocessing method to eliminate the false minutiae, that caused by the skeletonization
of fingerprint image, and an image compression method using Isometric Self Organizing Map(ISOSOM). Since the SOM
has simple structure, fast encoding time, and relatively good classification characteristics, many image processing areas
adopt this such as image compression and pattern classification, etc. But, the SOM shows limited performances in pattern
classification because of it's single layer structure. To maximize the performance of the pattern classification with small
code book, we applied the Isometric SOM with the isometry of the fractal theory. The proposed Isometric SOM
postprocessing and compression algorithm of fingerprint image showed good performances in the elimination of false
minutiae and the image compression simultaneously.
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II. Isometric SOM(ISOSOM)
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Table 1. SOM algorithm.
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Table 2. Eight isometry(rotation).
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Fig. 2. Postprocessing Procedure using ISOSOM.
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