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Abstract

It is important for users to be confirming in e-Learning system, because legitimate learner should be joined fo the system
for learning and testing Thus, most system for authentication was verified using id and password with learner's id and
password. In this case, It can be easy for hackers to steal learner’s id and password. In addition, some learner gets another
to sit for the examination for one with another person id and password. For the solution like this problem, it needs a biometrics
authentication for complement. This method is required so much extra cost as well as are an unwanted concern. Therefore,
we proposed keystroke technique to decide which learners are righteous or unlawful in this paper. In addition, we applied
statistics and neural network for the performance of keystroke system. As a result, the performance of FAR and FRR in
keystroke authentication was increased by proposed method.
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Table 1. Input variable for neural network.
No. Variable in the keystroke unit
1 max duration time ms
2 min duration time ms
3 mean duration time ms
4 sd duration time ms
5 max latency time ms
6 min latency time ms
38 2 &AW 58 % M-oiF o HMEE 7 mean latency time s
Fig. 2. completes connected multi layer perceptron with 8 sd latency time s
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