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ABSTRACT

Improved EKF suggests variable path prediction to reduce the event traffic caused by the
information sharing among multi-users in networked virtual environment. The three dimensional
virtual space is maintained consistently by endless status information exchange among
dispersed users, and periodic status transmission brings traffic overhead in network. By using
the error between the measured movement trace of dynamic information and the EKF
predicted, we propose the method applied to predict the mobile packet of dynamic data which is
simultaneously changing. And, the simulation results of DIS dead reckoning algorithms and
EKF path prediction is compared here.

It followed the specific path and while moving, the proposed method which it proposes
predicting with DIS dead reckoning algorithm and to compare to the mobile path of the actual
object and it got near it predicts the possibility of knowing it was.

Key-words : net-VE, EKF, Dead Reckoning, DIS
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