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Abstract

Genetic algorithms are efficient techniques for searching optimum solutions but have the premature
convergence problem getting stuck in the local optimum according to the evolutionary operator. In this paper
we analyzed the reason for converging to the local optimum and proposed the method which able transit to
the global optimum from the local optimum. In these methods we used the variable evolutionary operator with
the average hamming distance, to maintain the genetic diversity of the population for getting out of the local
optimum. The theoretical results are proved by the simulation experiments.
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