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Agent-Based Game Platform with Cascade-Fuzzy
System Strategy Module
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ABSTRACT

As hardware performance rises, game users demand higher computer graphic, more convenient UI(User
Interface), faster network, and smarter Al(Artificial Intelligence). At this time, however, Al development
is accomplished by a co-development team or only one developer. For that reason, it’s hard to verify that
Al performance and basic game Al technology is lacking for developing high-level Al. Searching the merits
and demerits of existing game Al platforms, we investigate main points to consider when designing game
Al platforms in this paper. From this we suggest Darwin, a game platform, based on agent that developers
embody Al easily and capable of proposing Al test with module that makes them find strategic position.
And then evaluate achievement results through making agent used strategic module that Darwin offers.
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