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(Inductive Classification of Multi-Spectral Threat Data for
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Abstract To build autonomous agents who can make a decision on behalf of humans in
time-critical complex environments, the formulation of operational knowledge base could be essential.
This paper proposes the methodology of how to formulate the knowledge base and evaluates it in a
practical application domain. We analyze threat data received from the multiple sensors of Aircraft
Survivability Equipment (ASE) for Korean helicopters, and integrate the threat data into the inductive
model through compilation technique which extracts features of the threat data and relations among
them. The compiled protocols of state-action rules can be implemented as the brain of the ASE. They
can reduce the amounts of reasoning, and endow the autonomous agents with reactivity and flexibility.
We report experimental results that demonstrate the distinctive and predictive patterns of threats in
simulated battlefield settings, and show the potential of compilation methods for the successful
detection of threat systems.

Key words : autonomous agents, situational awareness, compilation, threat classification
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