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A Study on Comparing algorithms for Boxing Motion Recognition

A

FRES* Sk

() Kk
[} 3 'IT%7|

ol
M

oN

A R*
=7 2

r

Chang-Ho Han, Soon-Chul Kim, Young-Kee Ryu, Choon-Suk Oh

2 o B ERe A% B A4 ot aF2A APl ojusiold 5o Mokl 81 4 gtk AR mAe|
AL giste] FHREAT FANAY YRIEL A§F YBL o] Ml ATAAT FHEE oES A
 doleY (e Fadted B4 WHE F3oto] Mast LueFolu, FAANITL T A
dolele] fAMS Foks dmeFolrh B Q4 s} ¥ Aold FwEE uwste] 45e 4z
o BE BARA ALRe 2jGc THE UE 24 dolHziy myd 1gx

[e]

8|
L oz
et AL st &, 445 drixre] B4 de UL Almste] dde FE

-
%
o
H
i
_1

iéﬂ___
4g 2IE Hojgoh

Abstract In this paper, we describes the boxing motion recognition which is used in the part of games,
animation. To recognize the boxing motion, we have used two algorithms, one is principle component analysis,
the other is dynamic time warping algorithm. PCA is the simplest of the true eigenvector-based multivariate
analyses and often used to reduce multidimensional data sets to lower dimensions for analysis. DTW is an
algorithm for measuring similarity between two sequences which may vary in time or speed. We introduce and
compare PCA and DTW algorithms respectively. We implemented the recognition of boxing motion on the
motion capture system which is developed in out research, and depict the system also. The motion graph will
be created by boxing motion data which is acquired from motion capture system. and will be normalized in a
process. The result has implemented in the motion recognition system with five actors, and showed the
performance of the recognition.

Key Words : Motion Recognition, PCA, DTW, Motion Capture, Boxing Motion
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Fig. 1. The method to parallelize camera,
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Fig. 2. The preprocessing and acquisition 2D data
program.
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