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A Corpus-based Hybrid Model for
Morphological Analysis and Part-of-Speech Tagging
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Abstract

Korean morphological analyzer generally generates multiple candidates, and then selects the most likely
one armong multiple candidates. As the number of candidates increases, the chance that the correctly
analyzed candidate is included in the candidate list also grows. This process, however, increases ambiguity
and then deteriorates the performance. In this paper, we propose a new rule-based model that produces one
best analysis. The analysis rules are automatically extracted from large amount of Part-of-Speech tagged
corpus, and the proposed model does not require any manual construction cost of analysis rules, and has
shown high success rate of analysis. Futhermore, the proposed model can reduce the ambiguities and
computational complexities in the candidate selection phase because the model produces one analysis when
it can successfully amalyze the given word. By combining the conventional probability-based model, the
model can also improve the performance of analysis when it does not produce a successful analysis.
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Table 3.1. An Example of Part-of-Speech Tagged Sentence for Eojeol-unit Rule Extraction

ofx| OfMI/NNG
iFE ZT/NNG+E/JKO
okt BV +SYEP+EVEF+ /SF

H 3.2. &2 ofF cigf 7 oA
Table 3.2. An Example of the Extracted Eojeol-unit Rule

- Ofx| - OfFI/NNG

- ETE - EF/NNG+E/JKO

- ekt - QW +SYEP+CYEF+./SF
BOS Ofx| l Ofxl/NNG

H xrE gt ZH/NNG+E/JKO

g filvr A BOS SRV +SY/EP+CIEF+./SF
BOS OfF| &7 OH/NNG
OfR| e Dbk T/NNG+E/JKO
TE Biich BOS DRV +RY/EP+CYEF+./SF
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Table 3.3, An Example of Part-of-Speech Tagged Sentence for Morphemel-unit Rule Extraction

 Has
Tt E/NNG+2HJIKB
7Pacsia IVHNAHCHEC+SHVX+OM/EC
= B/MAG
I 3.4 FET e o 7 o
Table 3.4. An Example of the Extracted Morpheme-unit Rule
 mEel B | Ren shaw
- & - ZI/NNG
- ot - 2H/IKB
- 7¥ct - R/VA+TYEC
- A1 - 5l/\VX+OM/EC
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BOS & o} 74 EH/NNG
BOS # z} i) IKB
i vyt SHA{ 7PRE/NAFTHEC -
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