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Abstract

In this paper, we propose a query-based visual attention algorithm for effective object finding of a vision-based mobile
robot. This algorithm is developed by extending conventional bottom-up visual attention algorithms. In our proposed
algorithm various conspicuity maps are merged to make a saliency map, where weighting values are determined by
query-dependent object properties. The saliency map is then used to find possible attentive location of queried object.

To show the validities of our proposed algorithm, several objects are employed to compare performances of our proposed
algorithm with those of conventional bottom-up approaches. Here, as one of exemplar query-dependent object property,

color property is used.
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Fig. 2. Examples of low-level feature maps.
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