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Face Recognition using Contourlet Transform and PCA
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Abstract

Contourlet transform is an extention of the wavelet transform in two dimensions using the multiscale and directional
filter banks. The contourlet transform has the advantages of multiscale and time-frequency-localization properties of
wavelets, but also provides a high degree of directionality. In this paper, we propose a face recognition system based
on fusion methods using contourlet transform and PCA. After decomposing a face image into directional subband
images by contourlet, features are obtained in each subband by PCA. Finally, face recognition is performed by fusion
technique that effectively combines similarities calculated respectively in each local subband. To show the
effectiveness of the proposed method, we performed experiments for ORL and CBNU dataset, and then we obtained
better recognition performance in comparison with the results produced by conventional methods.
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