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<Abstract>

A Study on the Context-dependent Speaker Recognition
Adopting the Method of Weighting the Frame-based
Likelihood Using SNR
Hong Sub Choi

The environmental differences between training and testing mode are generally considered
to be the critical factor for the performance degradation in speaker recognition systems.
Especially, general speaker recognition systems try to get as clean speech as possible to
train the speaker model, but it’s not true in real testing phase due to environmental and
channel noise. So in this paper, the new method of weighting the frame-based likelihood
according to frame SNR is proposed in order to cope with that problem. That is to make
use of the deep correlation between speech SNR and speaker discrimination rate. To verify
the usefulness of this proposed method, it is applied to the context dependent speaker
identification system. And the experimental results with the cellular phone speech DB
which is designed by ETRI for Koran speaker recognition show that the proposed method
is effective and increase the identification accuracy by 11% at maximum.

* Keywords : Context-dependent speaker identification, Speaker discrimination rate, Frame-based
likelihood, Frame SNR, Cellular phone speech DB
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