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Abstract Training a statistical model for semantic role labeling requires a large amount of
manually tagged corpus. However, such corpus does not exist for Korean and constructing one from
scratch is a very long and tedious job. This paper suggests a modified algorithm of self-training, an
unsupervised algorithm, which trains a semantic role labeling model from any raw corpora. For initial
training, a small tagged corpus is automatically constructed from case frames in Sejong Electronic
Dictionary. Using the corpus, a probabilistic model is trained incrementally, which achieves 83.00% of
accuracy in 4 selected adverbial cases.
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</sense>
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A Ul)l

CF-based Model (Initialization) :

SetUtoU-NandsetAtoA+N.

Probability-based Model (Iteration) :
Let n be the newly annotated argument.

repeat

-SetUtoU-nandsetAtoA+n.

SetUtoU—~NandsetAto A+N.

until ® =0

Select case frame to determine the arguments to be labeled, along with their roles.
- Let A be the set of annotated arguments. ; A =0
- Let U be the set of unannotated arguments, initially ail arguments.
- Let N be the newly annotated arguments. ; N = @

Add to N each argument whose role assignment is unambiguous.

yn=

Select N from all arguments in U for which ;

- the highest probability candidate meets the threshold (© ().
- Compute the probability model, using counts over the arguments in A.
- if the candidate doesn’t meet the threshold ( © 1) than move to next level.

- if the probability is lower than the specific threshold (©,), then apply level 3.

If number of N is 0 than decrease the threshold (@ ).
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