Journal of Korea Multimedia Society Vol. 10, No. 11, November 2007(pp. 1516-1522)

7188 k-NN(k-Nearest Neighbors) &5/ 712
I o, o] £y WEed AZH st

2 TARE FFPEE o188 wEels] 3

o 3 g«

inpdl:

2 o

FPA(Fixed Partition Averaging) 7I'"d-& 71218719 284 A4 E74A59 F4E& st ARt
AW M2 7 2 NHeE o J’H‘f’j I3t 3 E QR Jee 555 £57 7€ dde=
AHE-Ste) o] ZIHe HlRE AL E88 R A dHolA ¢ RBel ‘3]' a3y o8 827t
T3E EEYHFZNY B3 49 AEES U s o Rdo=w A4de
FAAE 713 Utk B =R e oy S0 £ & i
R Ao g AFYsie ZYHAL WAL EFINE wEZ nPRTHFIIRE AgITE B =FdA

ek

0|

a

2

R

£
T FE
N{O O_p
tlo off -

Atg 7P 71&9 k-NN 713} viste] FAsA Fole NEANH S o] &3t FAG R/ A5S
BdZu NGE o]&<€ 733 EACH A 293 FPA 7Y T3 Hludly 493 £/ A% S RAF

A Memory-based Learning using Repetitive Fixed Partitioning Averaging

Hyeong-il Yih'

ABSTRACT

We had proposed the FPA(Fixed Partition Averaging) method in order to improve the storage
requirement and classification rate of the Memory Based Reasoning. The algorithm worked not bad in
many area, but it lead to some overhead for memory usage and lengthy computation in the multi classes
area. We propose an Repetitive FPA algorithm which repetitively partitioning pattern space in the multi
classes area. Our proposed methods have been successfully shown to exhibit comparable performance
to k~-NN with a lot less number of patterns and better result than EACH system which implements
the NGE theory.

Key words: Memory-Based Reasoning("] 5] 7]¥F &), Distance-Based Learning (A& 7)5+8}<3),
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