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Abstract

In this paper, we propose a technique for extracting attentive objects in images using feature maps, regardless of the
complexity of images and the position of objects. The proposed method uses feature maps with edge and color information
in order to extract attentive objects. We also propose a reference map which is created by integrating feature maps. In
order to create a reference map, feature maps which represent visually attentive regions in images are constructed. Three
feature maps including edge map, CbCr map and H map are utilized. These maps contain the information about boundary
regions by the difference of intensity or colors. Then the combination map which represents the meaningful boundary is
created by integrating the reference map and feature maps. Since the combination map simply represents the boundary of
objects, we extract the candidate object regions including meaningful boundaries from the combination map. In order to
extract candidate object regions, we use the convex hull algorithm. By applying a segmentation algorithm to the area of
candidate regions to separate object regions and background regions, real object regions are extracted from the candidate
object regions. Experiment results show that the proposed method extracts the attentive regions and attentive objects
efficiently, with 84.3% precision rate and 81.3% recall rate.

Keywords : attentive object, feature map, reference map, combination map, segmentation
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