B SHEA| AR SHE=2X| H12A H2& 20061 62(pp.33~48)

= — - O — —
A=EE | UlHAH
= " 9HE
Uex 2ty 2l
HHCHE R HFEMAAANZEL AAMchetn HFEMAMNAHIEE AMCHE I E-H[=uA HTHE]
(wkim@yonsei.ac.kr) (cera8413@yonsei.ac.kr) (gorwkr@nate.com)

oju] $i(Semantic Web)z} ojoff tht BA7I1&EL YL 53 AFFA ARE F/HE + Y A2 AL 1}
g3l T ol Edj2 2LEZA(Ontology)ell gt AT HAl @'83] =0 ghon] Ao 2EZAE o
& 7tA ZdgA A AFHES o) EH d = YA on] el g Jgr IRHEA, LEEA: e d
T RAEIRE Z4Fg P BolZ HOE £ gdon, 25, oYY 2EEX U AFE AYEA
(Knowledge-Representation)s 3 22 <3 GAdA doju AXA4A Eoir I 49$ Wy vrix i
Iy dRoAE ol2d LEEAY AR U] FAF FAE dF ¢ Fagst FA g &, EA
LEZAEL AR o] U3 I BE /IXE AR ke Aot

d4& S0, ¥4 Yahoout DMOZ Open Directory(www.dmoz.org) 5. 286 AF FU AEF slelugy 3¢, A
ZAHoZE AR RYA REY 28] A el FRSEA AHSE §0 5& AR 42 ZolH o]
ZAFTE LS BAE E F 0o gty 84 LEZA) AFgsE R 24 /HXE FUEA 7] dEA
T oA ojdAE FEY & e PHEe] vz gedgy & & o

2 a7dAe @A LE2A EokdA 71 AT o|FE w21 e AEEH U H2HE A B
1A 3ok ARFRFo|F, AR o]FHQ ZTEOYTY dojut H2 22 o]0l HolEEL FHIY a4 Fy
2 AFse Jleold AYuE 4 Ao ol FR S XU Eok2 Merging, Alignment, Translation,
Articulation& & 4 l&d, of 7FE, ¥ JFo)AE “Ontology Alignment”e) tia] AFH o2 thRe} iz @
ot o]} B Eo], dA 9u] o] NPt NEHA EA F FUEN YT YHE F& & Utk 2EEA ujy
(Ontology mapping)& o & 43S A Us7] 3 2 HQ 71e2H 73S 22 vk geA 2 o
HE SE2A vfgo] g YHES 29T #H HEFoZN AR o]FHU 4F sl 7HE F 4F
B2 4F te oj¥ ¢1elEMapping Algorithm)g Atetizt ok, 3, T84 HAE S sl 2EEA
wj3gol 9lof oju] E&AHE HF W& PROMPTSHY MW EME £8)3te R}

=2t 20054 118 AMEEY - 20064 69 RHHZL - AeF

1. NE ArEA JRE IFE £ e 2L AYE
' nEs] FA. ol EWE 2EEA g¥ A
ojo] 43t ol Y AAZIEEL ¢L 59 T AA 288 AYHo] gfor] AHFo2 2

SEX|SHEA|AHBIE=2X| &12d H2% o006 6”8 33



A BA3 A AR o E Aol 7 AR
FTHE A7 A =72 A4HT it 9
o] ol g 71ty 1REWA, LEZAE B
< AT FASENE A4FE B BolE 0 E
T qNen oo wzt 2EFEA JLoAEE
ANz YAl ol 2717A +BL #d 975
o] s g, on Yol g 7|y} BEH
HA, LEEAT BE AT FAEZRY 43S
e ROl Mo E 4 Q%o old wE L&
22 oM FE AFs Ao o]27]71A]
T B #Y @750 JdHo U}, 25, oY
& 2E2A g 7 A4 FE (knowledge-
representation)s & 2 &322 dA A o
U AAZAY BokA 199& W vtx 9
O, AAGAN S A2 7IdEL LEEAE o
L3 ME 2H HRE THY B oy A
o AAEAANA {83 HRE AF F2 Y
ot Al §) AlolE AAE FiElnE] FHog
AFe= Yahoott 98T 4E AR-S A3z
0 2 a3 A A 33k Amazon.com} 2
2 AOJEE] o]o g djEAHQ ot & &
o, ol @ FAo wt 77kE vl g
BoLE 53 & 22 2EEAEo| F2HQeE
ddct a8y dRoAE o3 LEZA
iro 2 Q3 Y FA S HE Y B4
g7t HA g} &, FA LEEAE AELY o]
Aoz Qs 1 A8 JHAE H¥ea Qe
Aot} & o], @A Yahoott DMOZ Open
Directory s 2 25H AF $<¢ 4F 7lHlg
B, NAHogE FAE BY A 2E2Y OF
o] Ad Jte1g FxFEA ALH §of 5
AR EYH 43e Aolrt EAdTE ANE EA

34 SRR SYEAIAH SIS =2X| w127 H25 2006 69 -

3 @ 7 Ao gakA dA) 2EZAV} AFsE
2o &8 7HAE FUsiAI7] HelME ol
g oldPE FHE £ e PHE0 WA ¥
3t & ¢ Qo e E I3 53 ¢
© @A LEEA BopA 7 A oj¢2
HREN Qe ARFH it A A L AN
Buz @ AE T3 B 9o A= g2
LEEA Y FAEE 233, 25 B9 o
e AYstes AL HAHA HEOF AR
3ok =g, @A ofn] go] A3t A
A FUEN A5 LYHE FE & e,
27 gL oy 43 I4E AHd)
& RS 712N 43E 3 Yo
e oy 2EZA] wFojdid PHES
&P 5 B HELFOIN AR o]AHY FF
FHRE 8 F4E F 2 ET AFo) th3vf
3 ¢ EE AGsuA g =34 744
< 93t 2E27] fP glo] oln] LS
A% ¥ PROMPTSY HlI BAE 435}
2o 2B As & d7E ALSA B 5719
oA s AT Aoy, 37N E £ dF
g 538 g7t Adstna = i ts)
Mg BtEF 3T oloJA = 4 38AA
AT WHEd g A¥ AFRE EYE
PROMPT &3 vz 48 ¢33 Rzt
3, npA RO g A e & ATE FAHEL
AEE 2o nig s It

[°)

2 o m

al
=

zoX

2. A2l iE

£ BAe d4 AAdA 2EEA vBY
deAst A 47 3 57 B9 e AF
3 ZuA ot A& v} 2ol A BFFY



LYE BHE 98 2EEX| J|Y AF 0B gYE

Hh4e £33 8 AOJEEL AMATL Y3t 4
Fol Ui a3 ANE Y3 FA E3in
AT ¥R B2g ALY 05 b2 dA)
AAJANE ol & A ZE ALEA 7hed At
of 7}74& 48%°] AHgAt7} Qe FEE HAst
A ZYPY Aol de AL wEzoen HA
BEE FHHIA P 3AE A B%E 9
e AE dd A4 A9z A8 A= s
Z71Eokt Fd Aoz A A% $EHY. o
B3 oo 2PESo] HE 7He) oA
3l AF FeudE ATl 7l i
L2 N ol ALAEAA FHAY ¥
* ARE AFsted 3o AT ¥ 842
83T At =F E-Marketplace’d oA G A
ERAQ FEF g Bt ol T AA £}

to rir

7

>

I Sl Zo] Aot wEkd B GFoA e o
A3 FF FRE U3 A9 uPS 53,
F3 EHHY AF A8 AFL 9% )ee 1)
dstan o

38 $A AFS FAYE d3 £ o A
8 HEEE A oy [219 112 AR gE
SEJEFANM AF FA BF EF AA 2y o
3 We ¥ o

A9 [28 11914 A EE ulol go] @23

ZENA AFTFEY FF FRELS JLF
TARES HES L Yot

AR, FYS HEFY A= &4 &Y E g 1
AEE B3 0¥ = O E = A YEHE §Y
T AERNE BTS2 Amazoncom A E “TV
& HDTV", 283 ODP 22 39+ “Televisions”

En
o
T

z

Amazon obDpP Buy
.............. "“‘ e
——T Electronics e, o= Consumer Electronics “aprFlectronics
-———»Ein:ra & Photo » 'Camera & Photography=....{ . —anra & Photao
Camcorder ™. - A’I Home Theater *Camcorder
—>|j\“—di: & \{ideo ‘."" i Televisiony, | . fe=7 ,Ho'n:e Audios
. J ST B —*TV&HDTV
TV &HDTV. x| S 3
-——’lf‘:n:uters-..‘:k.h Computers .. Loeree L—-—_?'DVD Players
Laptop & No; TSystems . ........ Personal Electronics
*|Books,, ER— Notebooks & Laptops | " MP3 Players
——> Calendarsy, 3 .. TTETOTPTIRS RELEE Sty . *—CD Players
) R ’ Toys
——*Hisfory», .-~ % | 7 et N
T . SIS F™Action Figures
-——»N?M'oq_ honFlgmes " Qutdoor Play
——-'j'l‘oy &‘ﬁames"«_. - —* Outdoor Play'_:'"""'"»......., - ;_‘j?“l';earning Toys
" Action Fignres . e i Bagks
~. | T—*Learning Toys..., | . L
["Learning Toys, ™ __ .. T e I N ’ fH:“t-‘!_,':y
—>Dolls BTl T, S IN6nfiction
. *Mystery
——~>1\-Ius1e._~.. ;\/Iusu:
— Souiidtracks = JRap Hirhop
— Jazz+ i —*R & B Soul
Rap & Hi - ‘—"Soundtre‘cks
- ":f.‘f"‘""Jazz Blue:s

...........
B

2 1] Product Category Mapping

B SHEAIAY SR X| A2y H23 20061 68 35



2 AR GOE oHE o1 43ld 74 FEL R A
. ol9 22 AeE 9 EAYE Matchingt
L2E FYHE BYIUE Ao ErbEETn
& 3o maA 2o 13E Yo g E
< YeE o

=X, 54T 4FYL A= 4 2B Entd 3
FES BH3 AAE O & dde

1. 959 [29 2]& 4Rk,

X Bu=
LS U 1

s
Zo

ODP m—*—‘[ﬂm ThHelew'sion J
Amazon E]—*{Audio & \@_‘[TV & HDTV] ’
Buy Hlectronics _{Homc Theater _‘[TV & HDTV]
| S

(23 2] Difference of Conceptualization

9 I8A EHEE uie} 2o, 4 &
< “Television"ol2h= $YF 4 E S FH3
Aol ME T2 BF AAS ALsln o F,
TYE FFolE ¥xEE aPYEvUHG AE
S B3l EF ol Zol7t 7] WEel MZE
OE AZT2E AYA o Ao %A
&Y E FoA ARATL e 3F AHF 2R ve e
% 7H8 FAE FtelnEl g AYE A e A9
AE A E g AF 732 9A BEA 2
=ojof & Atgolzt & 4= 9o}

ut

[ 954

3. 2824 Jl dHE

d=s

0=

$A 2-oAE AZ o]dA JtEE] P&

36 SRASHEAMAHSSE=2X] M12A M2E 2006 6%

EAF RARE AT AYEE 79 2EEXA
wfgol glo] A JHsdt EAH S o) 2A4s)
Hotth B AeAe 44 AHE ZAYES F
B3] 3l A PHES o) 53 2
QhE R BuA gt} AEF ule} o] A2
3t LY EEY A4, AR o]2H FH S
7|8 FE BRE AFSa g7 GE, A
SAER 3l F A& AL Ags] A £
32 ATk T, Boh ZEAQ EAE 4 &Y T
ot} $9% FFole EAgxE 1 4EFd @
AL A7 olghs Aot & B9, 2 A
FYAE E783L, AmazoncomlAE “TV &
HDTV'E 18]l ODPAAE “Television” &2
7zt 2A 285 ok b HE & 7}
Hxg T2 EAste FEE /1LH M2 F
U FEES IBAIN7] A8 $dde desd 2
L A W ES AgstnARdY 1) $H AF
EF 2EEZAE vt ALE o) g2 g F
of o] & A3ty % Weto g ofF FyuAs}
Zasith a8y AME o 3o dis) FEREAHe
2 Foju} FAOlE FE2UOE AL AHEALY
AN o] B3A 234 4FL ANs A 7}
Aol At & 5 Qith wEkM $-E= 03 §
A3 vl Eo] AEEF e Teld g YuiE 3}
o3tE GAE P e Rz fuh ol E 9
gt o} 9] ofu] mot U ]3] g4 WYL A
@k 2 E2E oF A dAE T3 A4
e ol g £YEY FF EF LEEAE o
£3td S Y3t WY FYP2 AN GA S
AFste, (3) iAo R Tho] fAF FEo] A
AEHAE A, ASAZE A 3EG M
At 4ES AU FE g Zgs HY By
< AR, 18 AFRH 2749 dAd o
& 5ok A HoR AHEEE &R



0

B
e
ik
o

olusiol aLE BAG A

f.

E2%| 7{8h &

=)
E

3.1 Oi7lef ojn| meof ¥ &F WHE

AE oAAQ F2RE o]Fol7 HF 7HH 1
k9] wiBE 33y Hd, e SAdFes
FolR Ftelnely S S0 i A Yu|E
gotsl £ Hart o 2y v E g
of A NZH o2 e FUT DoAY HojAT
I 9uE qHRYE A8 g YuE Ad oF
go] A3F EATT HE oY@ veoE
T on et 2 F3& Y3l 2= WordNet
S o]83712 @t WordNetd Synset2 2H2t

=

Ao 49 AdE FFY hypernym 3

AdE9 FE hyponymoll 3 FRE X s}
I gled, & dFdAe ojgd EF oI ET
o BAEE s FHD A2 AL AEF
A& FHE Y A A S Sl o3 Y 9
stets] iz sttt 18 AFEEH oF
o] ojn] mo} @ A W& i) ol AAE
53 4HEEE 3}

=

o &

ODP Category Hypernvins in WordNet

Search Context

Hypernvms of Sense 1 Hypentyms of Sense 2

(228} 3] Comparison between Category Hierarchies
of WordNet and ODP
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W o e Yehts 18-S WordNet
oA B3I A= “Notebook” ol th& hyper-
nymB3Eoltt, o] FEE EUR AFHH o
3 9 mof @ A b Ee g A HoR
43 BEE 8kx

< hypernymProximity{x, p)
pathroximity(P)z Teancesorical) 0
n
! if CS{&P)# pand
’WW"’,V”IPfa‘illlit}{x, p) = distmce(cs(x‘p )’ CS(CM. P )) ‘5(-‘:1’ )G mrestm(cs(m. y p)} (2)

0 0

y if ye SINSETS (x)and y € path(p)

/

C3 X,
(x.p) 4
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(28 4] Word Sense Disambiguation and Term
Extension Algorithm
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WordNet S 9/3] §4& Path(3]% ©f
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=EE & Coordinate Terms= RHHst= &
Aok, &, csO) I ALATL L7 FFY
49 ez s t& Coordinate TermE o
WordNetdoll A SA4E Pathete] FAEE &
8tA B}, Coordinate Terms®, 2zt o F &0l @3
o159 Aol Ao & 4 ok weA e
WordNet®] Path’dell ©]213t Coordinate Term®]
EAds Atole A3 FEA AE Coordinate
TermE< EF H38A = 184 @& 3%
de FARC o} 4L ALA7t “Notebook”
olgt: 4F AL Y= /HA s, BEE
Aolty, welA “Notebook™dEF i csO) &5
g 2333 O3 2.

y if y € SYNSETS(x)and y € path(p)
otherwise

es(o, )= { y

where x is a term belonging to a search context
yis a term belonging to coordinate terms of x

yis a term belonging to a product category path

cs(system, path2) = {¢}
cs(computers, path2) = {computer, computing machine...}
cs(consumer electronics, path2) = {g}

T2 oA cs() FTE U3 =€ FH
£ ule 0 2 WordNet 7 2(path)’doll A A&7}
AT FES A2 vdeld Y FEE U9
AZE SN AAo] dasig, olF 37
FZ2 2 [218 419 hypemym Proximity() &
€ ol 83 E dnh 8 A Ay, (218 3
oA 29 Be uke}t 2ol “computer” e FFN
A AH&A FHEl L E] 9 WordNet hypernym 7+
Hig 19 FEo] o|FojA1 gl& U &
& o}, wekA -2l hypernym Proximity ()24
Ao 4ol e} o] 57k AgE A3 Bt
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Portable Compute,

9 292 [29 39 Yehy= WordNet hy-
pernym® 28R AF Tx 7heH YRS I
Ao}, hypernymProximity() &4 =& 719
Az otd(arc) T8 HHRLE FH0] o] Fo| (EF
A3t gtk wakA 218 Aol A “Notebook”
2 49 2o #F3te= “Computer’?te] Ade
4o]9, o]F 2] hypernymProximity()& 4333}
Be HFHOE 14018t #ol =280 U &
2] & “Notebook” &% °ll F hypernymProximity()
49 9 A3 el o

1
dis tan ce{es(x, p), es(cat,, p)

hypernym Pr oximity = (x, p) =

where x is a term belonging to a search context

distance() returns the number of arcs of a set cs()

hypernymProximity(system, path2)= 0
hypernym Pr oximity(computer, path2) = %

hypernym Pr oximity(comsumerelectronics, path2) =0

S02 o3 ov| ot @ SHE A7 vpA
#7322 pathProximity() 3l s AHEEE
314 pathProximity()= %41 hypernymProximity()
g 53 =29 @S A8 Y@ sth e Y
F k=& F2 Uyo F& HHolg & 4 Yok
$-2] dA2 7, ODPY “Notebook™dF 7+l 1L2]
9 =T FE MY A E 5 glon] gk
%A hypernymProximity()& &3 £&€ #E9
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pathProximity(pathl) (0 * 0+ O)

0 + l +
path Pr oximity (path2)= ——-Z’—————— =0.0625

A A A A BT &8 A B¢,
WordNet& &3 H4€ 29 A= 71&H,
WordNetd ol A “a small compact portable com-
puter”®} 9V 2 AHE-H 2dA u)s} A gARR
El S3E 4Ec oig 268 ulE A" Y
T2 ¢ 7 Aok BaA “Notebook™® 28 9]
ul o] & Coordinate termE°] AL 9% &4
ol 2A AgFTH

32 0" SA ZHA UHE

AR AU AE FtE Tz on shot
2 ofF o] A5HE ojgA FA4H o|HPE
o] g3t £PE AN AgAI} QAT AET
FAE FH el 5T A8 Wes 34 g
3t o] & 93 B Hol M v S92 AN ¢
HES ALzt aot oy FP2 ZH uhy
2 053 22 2714 dAE #4890 () ¢
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AAE FYse A olg.

[29 5]& @A Amazon.comolA AF 9
FF FHEZE JbeE YRE 23 Aolt) o
422 AL, $EE 2AE 12 53 “Notebook”,
“Notebooks”, 1831 “All Notebooks”5& ZA
3 & = 3tk (2) 284, “Books - Fiction -

Notebook™ 2.2 o]0} A = 71e|1g] sto] EAjete=
“Notebook” £ A7} =g FF9] 9|
7F obd, “Notebook”ol2hs A && 7Hal 4449
Au|Z AEHT Aot b2A o]FA ALgR
o xo H3HatA ge FEES AEH W) Y3l
Me, 2 3Fel Ad 49 7t ne] FRE gty
2 487} A ofd tF & F7HA Aurz,
$A, oifet o] deE FE S g 49 e
12 ARE ot gfeg HNE FEE9
A9 Fe 2ol SlF3he “Blectronics”, “Accessories”,

2 “Computer Accessories”, “Computer” 53 AH-

A7} g OpP AHE 713l 4ol A “Notebook”
8} 39 FHe|ae)ol SPshe “System”, “Computer”
22 3 “Consumer Electronics”<}+¢] H]_’E T3

3o},

ArchltectureH Criticism ]

Ent M” ]_LT'JJ ]

Fictions HNotebook ]

()
‘ Notebook

(23 5] Category Example of Amazon.com

Books/Fictions/Notebook

Electronics/Accessories/Computer
Accessories/Notebook
Electronics/Computer/Notebooks

19 FtElneE FRE T3 AHE £ Y%,
“System”# 22 A% FA 9ulE A )
e 7k EAA F2 gk 234 “Computer”,
“Consumer Electronics”% Z& 7 $-E Amazon
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Fhel 28] d9 “Computer”$ “Electronics™$F frAH
& & (YL Qe ALE g B <+
Aok @A o] #AE T, “Computer” 2
“Electronics”® 97|71 2354 ¢ 1HA 7|
agE a8 A Addn. & Hdd 3719
ZE 74 e Zhed OgY 2l Sgete F)
et A "o

Electronics/Accessories/Computer
Accessories/Notebook
Electronics/ Computer /Notebooks

ut

33 0HE A M= U=

3249 wjg 92 AN Yy 53 58
£ ODP4 “Notebook™# fAt& 7lel1e] +2&
Ad 2719 FHEH Y E AAAY B oA E 7}
Z upAgt gAo AFEe g SFga Ay
HEd giste] AHREE o) oy FY2HMNS
B3l 29 209 sHE e sk AR 839
FED 718 AR AFE el E AR St
o 28l Co-Occurrence®} Order—Consistency
Zhe AEe A o) AFHAA R
I3 AFRY gAM % FP2 AN PHES
53 A48 sle e sk AR 837
oppel 4% el 4 4AE s mE e
AdE e 3o ds) AHREE §x &
<B 1> Z47he] 79l & o3 A PHEe
=43 AA JelF2 i

B2 2dFA A4 24 e A
ez oA AAE o3 S 3t BF3} 7
do] Wads oFA HE3 AAL AA WA
H o3 E EUE FA4E HolsA 2o ol
4 (D)2 7§59 dd AL 33 S 99
Ao gon, ol 53 e go|E uigto=
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<¥ 1> Structure Classification of Category name

Features of Category Name (Transformation| —Example
®One Word Useasitis | “Notebook”
®@more than two words and existing P "
in WordNet Use as it is |“Home Theater
®existing conjunction - “Computer
between words Use as it is Accessory”
more than .
two words | @existing conjunction | Words partition '\gizo?t&
and such as “and”, “&" | or use Max Nozebgok"
existing notf  between words Value “Lanto
in WordNet pLop
®existing preposition Remove . | “Gift for child”
“for" between words after “for” —Gift*
TermMatch (term 1 term z)
strien (term l) . . .
—————Xif term | is substring of term ,
strlen (tern ,)
_ | strlen Yerm , ) (term ;) if term , is substring of term
strlen (tern ,)
0 otherwise

(n

Similarity (Context _Cate,Cate)
TermMatch (Cterm ,Cate)

ax
Ctrem € ExtenedTer mSet (Context _ Cate)

@)

d& £, A&7t AE¥T “Notebook”
Electronics/Accessories/Computer Accessories/
Notebook? ZHel 2] Aol EA3H= “Notebook”
o 3 FARE <E 1> QA Aol T
a0y, ©2kA “Notebook™2 o8 ¥1d #4 ¢l
o] £3o] o]Fo] At}

= e 9= “Notebook”# Electronics/Computer/
Notebook 2.2 TAE 7He| 18] 9 “Notebook”
o & A 3 Be o Z2d.

O =
4&



<X 2> BExample of Similarity Calculation

“Television” Notebook TermMatch
notebook Notebook 8
notebook computer Notebook 0
Similarity(notebook, Notebook) 8/8

<X 3> Example of Similarity Calculation

“Television” Notebook TermMatch
notebook Notebook 8
notebook computer Notebook 0
Similarity(notebook, Notebook) 8/8

oj¢t & A WS B fEE AHEAY}
A el gt 71 fAE Ftel e E BE
3 d g A H ARHoE MR & FAR
#& Ad szt dgd geiA oA o
Ao A OF <E £ 9 2e AFHE A Fot.

I8 A EHENE gsol oud AA &
3 E2HAUEA H9 FAEHELE £ 9
TAHHLE 4HREER 3z 4, Ha A2
2 A3d T selngzy 4o FEAY S
2337 %3 Co-Occurrencedl ¥ F2ojt},

Co__Occurrance(Search Contex, path)
¥ Similarity(Context _Cate, path)

_ | Context _ Catec Search Contex

ns(Search Contex)

where ns(x) is the number of elements of alist x.

&)

Co-Occurra nce ( Sear ch Contex, ...,
Electron ics/Access ories/Comp uterAccess ories/Note book)

8
24 2
8

=0.512

Co-Occurra nce(Search Contex, . ..,
Electr onics/Comp uter/Noteb ook)

8\ 11 8 8
+.____

11 8
— + =

|19 " 8 " 8
4

+ -+
19 8 8
3

=0.555

D222 Order-Consistency= i1 U402
ARE F 7 g el EAeke == 59 ¢4171
dupt AR o i A& 3= FAo
o}, 24| oA o] Ao ARH B TR Lo
W3l BN RA AA common(Search Context,
Path)& A2 & T AFTFREAAN FEH:
A 2Ed dig H, £ A £ 1223 A
YA, &, Mdd £ E FHP29 AFTZ
o AL AE g S 29 AFTFE Aold] FE
HE Y25 Aje gulsh= Aot 4§ &
{Consumer Electronics, Computer, System, note~
book} (AH&-ZH7} el @ FHe|312])3 {Electronics/
Computer/Notebook) (&£8& 7te|112))e FA2E
23 & A$, common# 2 EE {Consumer

Electronics, Computer, Notebook}°] £&%

<E 4> Calculation Example of Similar Category and its Similar Degree

Electronics/Accessories/ Electronics/Computer/
Search Context Computer Accessories/Notebook Notebook
Similar Category Degree Similar Category Degree

Consumer Electronics 1/19 Electronics 11/19
Electronic

Computer Computer Accessories 8/17 Computer 8/8

System X 0 X 0
Notebook Notebook 8/8 Notebook 8/8
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<¥ 5> Performance Results terms of Sensitivity

Source—L29¢!| opP | Amazon.com | Buy.com
ODP 96.4% 90.5%
Amazon.com 935% 96.9%
Buy.com 96.7% 94.4%

<E 6> Performance Resuilts terms of Specificity

Source—~127%€!\ OpP | Amazon.com | Buy.com
ODP 51.9% 69.6%
Amazon.com | 82.4% 56.4%
Buy.com 76.8% 64.4%
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Abstract

An Ontology-Driven Mapping Algorithm
between Heterogeneous Product
Classification Taxonomies

Wooju Kim' - Namhyuk Choi - Daewoo Choi™

The Semantic Web and its related technologies have been opening the era of information
sharing via the Web. There are, however,several huddles still to overcome in the new era, and one
of the major huddles is the issue of information integration, unless a single unified and huge ontology
could be built and used which could address everything in the world. Particularly in the e-business
area, the problem of information integration is of a great concern for productsearch and comparison
at various Internet shopping sites and e-marketplaces. To overcome this problem, we proposed an
ontology-driven mapping algorithm between heterogeneous product classification and description
frameworks. We also performed a comparative evaluation of the proposed mapping algorithm against
a well-known ontology mapping tool, PROMPT.

Key words : E-Commerce, Information Integration, Ontology, Semantic Web, Semantic Similarity
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