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Abstract

This paper proposes the controller for biped robot using intelligent control algorithm. In order to simplify the
complexity of biped robot control, manipulator of biped robot is divided into four modules. These modules are
controlled by intelligent algorithm with Hierarchical Mixture of Experts(-HIME) using neural network. Also neural
network having direct control method learns the inverse dynamics of biped robot. The HME, which is a network of
tree structure, reallocates the input domain for the output by learning pattern of input and output. In this paper, as a
result of learning HME repeatedly with EM algorithm, the controller for biped robot operating safety walking is
designed by modelling dynamics of biped robot and generating virtual error of HME.
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Table 2. Specification of biped robot
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