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A Individualized Reasoning Strategy

using Learner’'s Cognitive Union
Yong-Beom Kim' - Yungsik Kim' "

ABSTRACT

The change into the knowledge based information soctety requires a transformation of
educational paradigm. Accordingly, intelligent learning and distance education are attracting a fair
amount of attention. To apply the instructional lcarning method in this field, we need to consider
a individualization of learning, as it were, abstraction of fact and path through learning, which is
based on learner's traits, this focus entails a argument for individualized reasoning strategy.
Therefore, in  this paper. we design a learner's cognitive union, which is based on
X-Neuronet(eXtended Neuronet), represents learner’s hierarchical knowledge, is able to self-learn,
and grows adaptive union by proprictor. Additionally, we propose a ‘individualized reasoning

strategy’. which relies upon learner’s cognitive union, and verify the validity.

Keywords : Intelligence Tutoring System, Learmer’s Cognitive Union, Individualized

Reasoning Strategy
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