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Abstract This paper proposes a robust and efficient segmentation method for a cardiac ultrasound
image taken from a probe inserted into the heart in surgery. The method consists of three steps:
initial boundary extraction, whole boundary modification using confidence competition, and local
boundary modification using the rolling spoke method. Firstly, the initial boundary is extracted with
threshold regions along the global spokes emitted from the center of an ultrasound probe. Secondly,
high confidence boundary edges are detected along the global spokes by competing among initial
boundary candidate and new candidates achieved by edge and appearance information. Finally, the
boundary is modified by rolling local spokes along concave regions that are difficult to extract
using the global spokes. The proposed method produces promising segmentation results for the
ultrasound cardiac images acquired during surgery. :

Key words : Medical image segmentation, Cardiac segmentation, Ultrasound image
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