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Figure 1. The results of linear regression
analysis by using both SDT and
AODT CIl indexes of typhoon
events occurred in 2004. AODT ClI
index is used as a predictor (in—
dependent variable) and SDT ClI
index is used as a predictand
(response variable). The reg—
ressioncoefficient is 0.92 and bias
parameter is estimated as 0.07.

Figure 2, The schematic diagram of neural
network for conducting nonlinear
principal component analysis.
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Nonlinear PCA

1 L . L L . L |
1 2 3 4 § L 7 8

AODY

Figure 3. The result of nonlinearregression
analysis. X-axis shows the input
AODT CI index and Y-axis corr—
espondes to SDT Cl index. The curve
connected by red circle shows the
nonlinear regression curve. Blue line
indicates the linear PCA resuit.
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Figure 4. (a) AODT Cl index(dotted) and SDT ClI
index(solid) during the training period
of 2004. (b) Cl index (LC_AODT, do-
tted) from linear regression analysis
by using data over the training period
(c) corrected CI index(NC_AODT,
dotted) by using nonlinear PCA
analysis during the training period and
SDT ClI index (solid).
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Figure 5. Correction result applied to two typhoon NIDA and SUDAL occurred in 2004 independent of
training period. (a) and (c) shows AODT Cl index (solid) and SDT Cl index(dotted). (b) and (d)
shows the result of corrected (solid) NC_AODT.In each figure, RMSE(root mean square error)
value is shown to quantitatively estimate the effect of correction.
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