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On the Classification of Online Handwritten Digits using the
Enhanced Back Propagation of Neural Networks

Bong-Hwa, Hong*

Abstract

The back propagation of netiral networks hag the prohlems of falling into local minimttm and delay
of the speed hy the iterative learning.

An algorithm to solve the problem and improve the speed of the learning was already proposed in[8),
which updates the learning parameter related with the connection weight.

In this paper, we propose the algorithm generating initial weight to improve the efficiency of the algo
rithm by offering the difference between the input vector and the target signal to the generating function
of initial weight

The algorithm proposed here can classify more than 98.70% of the handwritten digits and this rate
shows 3% more effective than the other previous methods.

Key Words : Neural Networks, Online Handwritten Digits
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