ERE BAM HMSH JtPAY EF IHS 0|88 [ & x
HZel stg W AM HS =50-2-2

Adaptive Gaussian Mixture Learning for High Traffic Region

N Rl A v
(Dae-Yong Park - Jae-Min Kim - Seong-Won Cho)

Abstract ~ For the detection of moving objects, background subtraction methods are widely used. An adaptive Gaussian
mixture model combined with probabilistic learning is one of the most popular methods for the real-time update of the
complex and dynamic background. However, probabilistic learning approach does not work well in high traffic regions. In
this paper, we propose a reliable learning method of complex and dynamic backgrounds in high traffic regions.

Key Words : GMM, Background Modeling, Motion Detection, Background Subtraction, High Traffic Region
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Fig. 1 General framework of visual surveillance systems
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Fig. 9 Comparison of results with algorithm [10] on

department store video (frame number: 1863).
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Fig. 10 Comparison of modeled pdf at the pixel marked as

cross of Fig. 9.
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Table 1 Comparison of parameters at the pixel marked as
cross of Fig. 9.
71& ¥[10) AQrate 4
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HE Y1 Y2 Y3 Y1 Y2 Y3
(K=3)
HE 8377 - - 7205 | 2303 -
A 200 - - 2575 | 21.23 -
g s B ~ ~
G 1849 1036.44 | 181.56
T4 ug 1 - - 095 0.048 -
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Table 2 Com‘parison of parameters at the pixel marked as
cross of Fig. 11.
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Fig. 11 Comparison of results with algorithm [10] on rainy
street video (frame number: 773).
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FFig. 12 Comparison of modeled pdf at the pixel marked as
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