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In this paper, a novel technique to set up the initial weights in BSS of delayed mixtures is proposed.
After analyzing Eigendecomposition for the correlation matrix of mixing data, the initial weights are set

from the Eigenvectors with delay information. The proposed setting of initial weighting method for
conventional FDICA technique improved the separation performance. The computer simulation shows that

the proposed method achieves the improved SIR and faster convergence speed of learning curve.
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