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Scoring models to detect foreign exchange money laundering

Seongik Hong - Tae Hee Moon -

So Young Sohn

Dept. of Computer Science & Industrial System Engineering, Yonsei University, Seoul, 120-749

In recent years, the money Laundering crimes are increasing by means of foreign exchange transactions.

Our study proposes four scoring models to provide early warning of the laundering in foreign exchange

transactions for both inward and outward remittances: logistic regression model, decision tree, neural

network, and ensemble model which combines the three models. In terms of accuracy of test data, decision

tree model is selected for the inward remittance and an ensemble model for the outward remittance. From

our study results, the accumulated number of transaction turns out to be the most important predictor
variable. The proposed scoring models deal with the transaction level and is expected to help the bank
teller to detect the laundering related transactions in the early stage.

Keywords: scoring, foreign exchange laundering detection, data mining
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