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Bioinformatics is a rapidly emerging field of biomedical
research. A flood of large-scale genomic expression data
transforms the challenges in biomedical research into ones
in bioinformatics. Clinical informatics has long developed
technologies to improve biomedical research by integrating
experimental and clinical information systems. Biomedical
informatics, powered by high throughput techniques,
genomic-scale databases and advanced clinical information
syster, is likely to transform our biomedical understanding
forever much the same way that biochemistry did to
biology a generation ago. The emergence of healthcare and
biomedical informatics revolutionizing both bioinformatics
and clinical informatics will eventually change the
current practice of medicine, including diagnostics,

therapeutics and prognostics.
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Figure 1. A strategy for functiona! genomics

with biochip informatics
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Figure 2. Clustering gene expression profiles by
hierarchical tree clustering
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Figure 3. Clustering expression profiles by Relevance
Networks
(from Butt & Kohane, 2000)
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Figure 4. Partitional clustering of yeast cell division
cycle data by Self-Organizing Maps(SOM).
(From Tamayo et al., 2000)
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