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ABSTRACT

In this paper, we propose a novel algorithm for determining the variable size of locally adaptive window
using region-merging method. A region including a denoising point is partitioned to disjoint sub-regions. Locally
adaptive window for denoising is obtained by selecting proper sub-regions. In our method, nearly arbitrarily
shaped window is achieved. Experimental results show that our method outperforms other critically sampled

wavelet denoising scheme.
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