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<Abstract>

MLLR-Based Environment Adaptation for Distant—Talking
Speech Recognition

Suk-bong Kwon, Mikyong Ji, Hoi-Rin Kim, Yong-Ju Lee

Speech recognition is one of the user interface technologies in commanding and
controlling any terminal such as a TV, PC, cellular phone etc. in a ubiquitous
environment. In controlling a terminal, the mismatch between training and testing causes
rapid performance degradation. That is, the mismatch decreases not only the performance
of the recognition system but also the reliability of that. Therefore, the performance
degradation due to the mismatch caused by the change of the environment should be
necessarily compensated. Whenever the environment changes, environment adaptation is
performed using the user’s speech and the background noise of the changed environment
and the performance is increased by employing the models appropriately transformed to the
changed environment. So far, the research on the environment compensation has been done
actively. However, the compensation method for the effect of distant-talking speech has not
been developed yet. Thus, in this paper we apply MLLR-based environment adaptation to
compensate for the effect of distant-talking speech and the performance is improved.

Keywords: Distant-talking speech recognition, Environment compensation, Model compensation
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