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<Abstract>

Performance Improvement of Speech Recognition Based on
SPLICE in Noisy Environments

Jong Hyeon Kim, Hwa Jeon Song, Jong Seuk Lee, Hyung Soon Kim

The performance of speech recognition system is degraded by mismatch between training
and test environments. Recently, Stereo-based Piecewise LInear Compensation for Environments
(SPLICE) was introduced to overcome environmental mismatch using stereo data. In this
paper, we propose several methods to improve the conventional SPLICE and evaluate them in
the Aurora2 task. We generalize SPLICE to compensate for covariance matrix as well as mean
vector in the feature space, and thereby yielding the error rate reduction of 48.93%. We also
employ the weighted sum of correction vectors using posterior probabilities of all Gaussians,
and the error rate reduction of 48.62% is achieved. With the combination of the above two
methods, the error rate is reduced by 49.61% from the Aurora2 baseline system.

* Keywords : SPLICE, Robust speech recognition.
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