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ABSTRACT

In this paper, a novel rotor flux estimation method of an induction motor using support vector
regression(SVR) is presented. Two well-known different flux models with respect to voltage and current are
necessary to estimate the rotor flux of an induction motor. Training of SVR which the theory of the SVR
algorithm leads to a quadratic programming(QP) problem. The proposed SVR rotor flux estimator guarantees the
improvement of performance in the transient and steady state in spite of parameter variation circumstance. The
validity and the usefulness of proposed algorithm are throughly verified through numerical simulation.
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ZlZAy pLs= stator transient inductance(= L, — (L2, /L,))

Ulgs ags= stator voltage and stator current

R,, R,= stator and rotor resistances w, = rotor angle speed

L,, L= stator and rotor inductances 9, = angular position of rotor

L,, = mutual inductance p = differential operator

Ags= stator fluxes in the stationary reference

frame 1. MB
3p= totor fluxes in the stationary reference

frame $ER%718 A5 £ gAY A 9
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