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Abstract The most of automated negotiation systems are dependent upon negotiators’
offers, as negotiation is going on. Particularly, the preference, evaluation function and. -
negotiation strategy are variously changed at every negotiation round by the negotiator
and have an effect on the counter offers. Therefore, this study proposed the automated
negotiation methodology or negotiation model which makes the negotiator's participation
minimize. To minimize negotiator’'s participation, the. preference of negotiator was predicted
by the ratio of seller and buyer's count offers and the evaluation function of negotiator
was also predicted by least squares approximation method at every negotiation round. The

predicted evaluation function was evaluated and selected by R? value, coefficient of
determination. Finally the optimal counter offers were generated by the genetic algorithm
using the predicted preference and value function.
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