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Performance Improvement of Continuous Digits Speech Recognition using the Transformed
Successive State Splitting and Demi-syllable pair

Dong-Ok Kim* - No-Jin Park**
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ABSTRACT

This paper describes an optimization of a language mode! and an acoustic model that improve the ability of speech recognition
with Korean unit digit. Recognition errors of the language model are decreasing by analysis of the grammatical feature of korean
unit digits, and then is made up of fsn-node with a disyllable. Acoustic model make use of demi-syllable pair to decrease
recognition errors by inaccuracy division of a phome, a syllable because of a monosyllable, a short pronunciation and an
articulation. we have used the k-means clustering algorithm with the transformed successive state splitting in feature level for the
efficient modelling of the feature of recognition unit . As a result of experimentations, 10.5% recognition rate is raised in the case
of the proposed language model. The demi-syllable pair with an acoustic model increased 12.5% recognition rate and 1.5%
recognition rate is improved in transformed successive state splitting.
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Table. 1 Composition of Demi-syllable Pair Model
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\Y% vowel
\'A% vowel-vowel
vC vowel-consonant
VCCV vowel-consonant-consonant-vowel
CvV consonant-vowel
vCcv vowel-consonant-vowel
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Table. 2 Definition of Demi-syllable Pair Recognition Unit
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