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Semantics Accumulation-Enabled Relevance Feedback

Sangwook OhT, Min Gyo Chung”, Sanghoon sull™

ABSTRACT

Relevance Feedback(RF), a method to use perceptual feedback in image retrieval, refines a query by
the relevance information from a user. However, the user’s feedback information is thrown away as soon
as a search session ends. So, this paper proposes an enhanced version of RF, which is designed to
accumulate human perceptual responses over time through relevance feedback and to dynamically combine
the accumulated high-level relevance information with low-level features to further improve the retrieval

effectiveness. Experimental results are presented to prove the potential of the proposed RF.
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