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Abstract

This paper proposed a new time adapted threshold using the standard deviations of
Wavelet coefficients after Wavelet transform by frame scale. The time adapted threshold is
set up using the sum of standard deviations of Wavelet coefficient in level 3 approximation
and weighted level 1 detail. Level 3 approximation coefficients represent the voiced sound
with low frequency and level 1 detail coefficients represent the unvoiced sound with high
frequency. After reducing noise by soft thresholding with the proposed time adapted
threshold, there are still residual noises in silent interval. To reduce residual npises in silent
interval, a detection algorithm of silent interval is proposed.

From simulation results, it is demonstrated that the proposed algorithm improves SNR and
MSE performance more than Wavelet transform and Wavelet packet transform does.
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