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Abstract In this paper, we propose an efficient algorithm which generates frequent itemsets by
only one database scanning. A frequent itemset is subset of an itemset which is accessed by a
transaction. For each item, if informations about transactions accessing the item are exist, it is possible
to generate frequent itemsets only by the extraction of items having an identical transaction ID.
Proposed method in this paper generates the data structure which stores transaction ID for each item
by only one database scanning and generates 2-frequent itemsets by using the hash technique at the
same time. k(k>3)-frequent itemsets are simply found by comparing previously generated data
structure and transaction ID. Proposed algorithm can efficiently generate frequent itemsets by only one
database scanning. ’

Key words : Data mining, Association rules, Frequent itemsets
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Candidate itemset | Item TID List Common TID
a | 100, 200, 500
{a, ¢, £} c | 100, 200, 400, 500 | 100, 200, 500
f | 100, 200, 300, 500
a | 100, 200, 500
{a, ¢, m} ¢ | 100, 200, 400, 500 | 100, 200, 500
m | 100, 200, 500
a | 100, 200, 500
{a, f, m) f | 100, 200, 300, 500 | 100, 200, 500
m | 100, 200, 500
¢ {100, 200, 400, 500
{c, f, m} £ | 100, 200, 300, 500 | 100, 200, 500
100, 200, 500
a | 100, 200, 500
c | 100, 200, 400, 500
f 100, 2
o ¢ fm £ | 100, 200, 300, 500 | 3 200 500
m | 100, 200, 500

3Nl gEHGoE F2EY oA oEL 430 7
BHRE A4S A8 AeREd o dAdAE (a,
¢, £ mol AHE. T TID List dlolEo] A3d
2 #2389 TIDE Wwahd E 8ol4 Ha AAE
WEHER 408 FERIFoR FE9n YL
A9

Algorithm(FTL : TID List construction and Frequent Itemset extraction)
Input : A transaction database DB and a minimum support threshold .
Qutput : TID List table. k-frequent itemsets
method : algorithm is performed in the following steps.
// TID List table construction and 2-frequent itemsets generation
Procedure TIDList&2-frequent(DB)
{
for each transaction do
for each item do
generate TID List table
generate bucket using hash function
for all buckets do
if count value of bucket > &
then insert to 2-frequent itemsets
}
// k(k>2)~frequent itemsets generation using TID List table
Procedure k-frequent(TID List, k-frequent itemsets)
{
generate (K+1)-candidate itemsets
compare TID(Transaction ID) of each item
if # of the common TID > §
then insert to (k+1)-frequent itemsets
if candidate itemsets can generate
then call k-frequent(TID List, (k+1)-frequent itemsets)
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