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(A Scene Change Detection Technique using the Weighted x°-test and

the Automated Threshold-Decision Algorithm)
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Abstract

This paper proposes a robust scene change detection technique that uses the weighted chi-square test and the
automated threshold-decision algorithms. The weighted chi-square test can subdivide the difference values of individual
color channels by calculating the color intensities according to NTSC standard, and it can detect the $cene change by
joining the weighted color intensities to the predefined chi-square test which emphasize the comparative color difference
values. The automated threshold-decision algorithm uses the difference values of frame-to-frame that was obtained by the
weighted chi-square test. At first, The Average of total difference values is calculated and then, another average value is
calculated using the previous average value from the difference values, finally the most appropriate mid-average value is
searched and considered the threshold value. Experimental results show that the proposed algorithms are effective and
outperform the previous approaches.
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