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Abstract

A K-Best algorithm is known as optimal for implementing the maximum-likelihood detector (MLD), since it has a fixed
maximum complexity compared with the sphere decoding or the maximum-likelihood decoding algorithm. However the
computational complexity of the K-Best algrithm is still prohibitively high for practical applications when K is large
enough. If small value of K is used, the maximum complexity decreases but error flooring at high SNR is caused by error
propagtion. In this paper, a K-reduction scheme, which reduces K according to each search level, is propsed to solve error
propagation problems. Simulations showed that the proposed scheme provides the improved performance in the bit error

rate and also reduces the average complexity compared with the conventional scheme.
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