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Abstract

Cluster-Based Selection of Diverse Query Examples
for Active Learning

Jaeho Kang* - Kwang Ryel Ryu* + Hyuk-Chul Kwon*

In order to derive a better classifier with a limited number of training examples, active leaning
alternately repeats the querying stage for category labeling and the subsequent learning stage for rebuilding
the classifier with the newly expanded training set. To relieve the user from the burden of labeling,
especially in an on-line environment, it is important to minimize the number of querying steps as well as
the total number of query examples. We can derive a good classifier in a small number of querying steps
by using only a small number of examples if we can select multiple of diverse, representative, and
ambiguous examples to present to the user at each querying step. In this paper, we propose a cluster-based
batch query selection method which can select diverse, representative, and highly ambiguous examples for
efficient active learning. Experiments with various text data sets have shown that our method can derive
a better classifier than other methods which only take into account the ambiguity as the criterion to select
multiple query examples.

Key words : Active leaming, Text classification, Batch query selection, Clustering

* Department of Computer Engineering, Pusan National Unjversity
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