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Abstract In our previous works, we suggested a method that extracts representative keywords
from a few positive documents and assigns weights to them. To show the usefulness of the
method, in this paper, we evaluate the performance of a famous classification algorithm called GIS
(Generalized Instance Set) when it is combined with our method. In GIS algorithm, generalized
instances are built from learning documents by a generalization function and then the K-NN
algorithm is applied to them. Here, our method is used as a generalization function. For comparative
works, Rocchio and Widrow-Hoff algorithms are also used as a generalization function. Experimental
results show that our method is better than the others for the case that only positive documents
are considered, but not when negative documents are considered together.
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Input: DS ( Example Documents Set )
TS ( Candidate Terms Set )

1] Procedure get ITS(DS, TS)

2] ITS: Initial Representative Terms Set,
initialized to empty.

3] TS": Temporary Terms Set, initialized to TS.

4] d, t: Document and Term element respectively.

5] Repeat

6] Select a document element as d from DS.

71  Repeat

8] Select the highest element as t in TS’
according to the weight.

9] If t appears in d and not member in ITS
Then Add t to ITS.

10] Remove t from TS'

111  Until t appears in d.
121 Remove d from DS.
13] Assign TS to TS'.
14] Until DS is empty.
15] Return ITS.
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o A daEFdd AHeEE HEHEY 7HEA
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a=0,8=1,v=02 FUZ Widrow-HoffS] 7%
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RKEF, & #AF&3 d# s=9 ¥ie 4%
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—’Fﬂ S AT F AUtk Aol AHET A

F7F a9 £4 10 ~ 30HE FAEHASE
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WHE Widrow-Hoff¢] #h8& <u)hc}.

42 ol 2 ZA Feol dist 45 "It

3 A3e Fael B e H95 (10 ~ 307
o BARAF Foln AS FL HET 2YS
% 5 ATk £ APANE ASRZRE o
we 9o B EAF0] Foin ASE welshol
9 wgel A5 FAHLA Sk A Be
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3 AeS AHHEST
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o] At} [14, 15]. 23 o] W& AHE3t7]el
He HEo] Uk ¢4 AR A 292
< mlE ZAAS ok st FAY HE-
Ho A" &4 1§ § £9

" (Generalization function)®]l

& (KE vg 2As okt 3t Alkse] Atk =
g B AdelNE FolN IAT dwrHe BF
PR A @1 A BF B4 FE A4
=9 Rroli ¥ GIS(Generalized Instance Set)
o] 2 Wig A8AHTh
[¥ 1] 2170 HEEd U 27 4%
Category 11 points average precision
RO | WH RKEF
lumber 0.346 0.354 0.550
dmk 0.044 0.042 0.084
sunseed 0.376 0375 0.451
lei ‘ 0.273 0.273 0.363
soy-meal 0.539 0.447 0.772
fuel 0.429 0.436 0518
soy-oil 0.185 0.185 0.323
heat 0.483 0.480 0.626
lead 0.556 0.557 0.614
housing 0.373 0.373 0.352
strategic-met 0127 0.137 0.120
hog 0.513 0533 0485
orange 0.933 0933 0975
tin 0.959 0.966 0.986
rapeseed 0.443 0.428 0575
wpi 0.764 0.708 0.723
pet-chem 0.405 0.482 0.308
silver 0.377 0.508 0.770
zinc 0.880 0.799 0.921
retail 0.030 0.024 0.194
sorghum 0.489 0.342 0.591
Average 0454 0447 | 0538
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E 28 teel S& BAE A4 49 20 A9
MFES) U@ B4 27 45e RAFR otk 2
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Hoff o) A58 2 A% wel3a 94 gtk
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sl ch

[X 2] d9 g5 EAE 7F 49 20 A9
Bl dE de
11 points average precision
Category

RO | WH RKEF

nat-gas 0.492 0.494 0.591

soybean 0.639 0.589 0.708

veg-oil 0626 0.630 0625

gold 0.855 0.843 0.831

gnp 0.816 0.820 0.888

coffee 0.936 0.979 0.951

oilseed 0.483 0.425 0434

sugar 0.739 0.776 0.72

dir 0.636 0.68 0.698

money-suppl 0.334 0.587 0.697

com 0.644 0.624 0677

ship 0.822 0.745 0.781

wheat 0.764 0.798 0.802

interest 0.636 0.720 0.641

trade 0.717 0.661 0.705

crude 0.778 0.801 0.791

grain 0.802 0.871 0.837

money-fx 0.582 0.537 0.613

acq 0.576 0.727 0.718

eamn 0.961 0.948 0.908

Average 0.692 l 0.713 [ 0.731
¥ 32 GIS ¢xn8Fe Udwtal geollA 3384
EAETE AHRRE AT, 9 k ghsol dig 4
g AIE FolA drtst FAo) ALgH WHdEE
H U A TS deREe Add neF
I Qo ® 39 A¥E AFEY GIS €a8F9
Qs gl FAA BASDE A8RE 7

$ The ®la WgEol vlsiH RKEF7 244 4
5 HelFn 92e BAF + Yk

E 4t e 8% 24 P8 7 A9 20
A WFSo] thete] RKEFHS AHE 7S 499
A GIS Wik 2888 499 452 I
2ol 70 Aok AHE SALD G £4 Y
o WA FE W PEe 25e] BA Al A

$ Wt v %@.om B EREEE 5
uohe Beel B4 A8 oy sl
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249)

S DL EDERS I
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Category ROP WHP Best

GISRP | GISWP | GISFP
nat-gas 0.492 0494 0518 0.599 0.643
soybean 0.639 0589 0642 0664 0.738
veg-oil 0.626 0630 0657 0.651 0.756
gold 0.8% 0843 0861 0.863 0.846
gnp 0.816 0.820 0.831 0.835 0.871
coffee 0.936 0979 0947 0936 0.989
oilseed 0.483 0.425 0.497 0.508 0.601
sugar 0.739 0.776 0.793 0.807 0.882
dir 0.636 0.686 0.719 0.726 0.751
money-suppl| 0334 0587 0624 0607 0.726
com 0.644 0.624 0.658 0.654 0.797
ship 0.822 0.745 0.831 0.821 0.854
wheat 0.764 0798 0808 0803 0.861
interest 0.636 0.720 0.731 0.738 0.793
trade 0.717 0.661 0.733 0.740 0.749
crude 0.778 0801 0809 0808 0.846
grain 0.802 0.871 0.859 0.866 0.867
money-fx 0.582 0537 0616 0615 0.663
acq 0.576 0.727 0.707 0.708 0.792
earn 0.961 0948 0963 0962 0.962
Average 0692 | 0713 | 0740 | 0745 | 0799
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g0 j o /}EXE, RDE & %A i oA £9 ]
9 Kp 3ol BAPEE RDSY = B4 i oA
ol j & Ky 19 #AAEE Yebdrh

M

p

AAZFHEL Rocchio® 7% 1, ¥y =

0, Widrow-Hoff¢] Z-¢ n = 025 °|AT} whehA,

FAY ZMES 3¢ AFPAE olE WA

of A3t &, Rocchio® A9 a =0, B =1,

Yy = 1, Widrow-Hoff 9| 7% n = 0258 AH&3}
A o

gtk 2elw, B Ak PR 6) o
B =12 %ol Agstarh

a1

432 &g

g

¥ 5F GIS €aglF9 Uits oA A A
2 FAY FAES AHEES B k @Ed dig
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2 7} HEE 7Pt 22 ASHES A9EA B
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¥ 59 ZA3E AHREY GIS-W(GIS + Widrow-
Hoff)”} GIS-R (GIS+Rocchio) Et} Ago] Wi
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(Widrow-Hoff)&] 4 5Ako]el ZlolE RS
A g3 I oS WRHEE HAHY k #;E

Zoba] AFL3EHR] 9F9by] wjEolty ey o]# 3k
T Alokd AJABAME HA FES o]E&T
W €] w%/‘é—% FE3] IE F US Ae=
dasol Wy HAY k gFES e AES A
943}2%@.
[E 4] RKEF 9+& #8305 4% 453 GIS
el Hee Aol 4%
Category 11 points average precision
RKEF | GIS-FP
nat-gas 0.591 0.643
soybean 0.708 0.738
veg—oil 0.625 0.756
gold 0.831 0.846
gnp 0.888 0.871
coffee 0951 0.989
oilseed 0434 0.601
sugar 0.72 0.882
dir 0.698 0.751
money-—suppl 0.697 0.726
com 0677 0.797
ship 0.781 0.834
wheat 0.802 0.861
interest 0641 0.793
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acq 0.718 0.792
eamn 0.908 0.962
Average 0731 | 0.799
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