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Abstract

Re-classifying Method for Face Recognition
Kyoung-Yul Bae*

In the past year, the increasing concern about the biometric recognition makes the great activities on
the security fields, such as the entrance control or user authentication. In particular, although the features
of face recognition, such as user friendly and non-contact made it to be used widely, unhappily it has some
disadvantages of low accuracy or low Re-attempts Rates. For this reason, I suggest the new approach to
re-classify the classified data of recognition result data to solve the problems. For this study, I will use the
typical appearance-based, PCA(Principal Component Analysis) algorithm and verify the performance im-
provement by adopting the re-classification approach using 200 peoples (10 pictures per one person).

Key words : Biometrics, Face Recognition, Data Classification Algorithm, Face Data Re-Classification
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