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Item Selection By Estimated Profit Ranking Based on
Association Rule

Insoo Hwang

One of the most fundamental problems in business is ranking ftems with respect fo profit based on historical
fransactions. The difficulty is that the profit of one ifem comes from ifs influence on the sales of other items
as well os ifs own sales, and that there is no well-developed algorithm for estimating overall profit of selected

ifems.

In this paper, we developed a product network bosed on association rule and an algorithm for profit
estimation and item selection using the estimated profit ranking(EPR). As a result of computer simulation,
the suggested algorithm outperforms the individual approach and the hub-authority profit ranking algorithm.

Keywords : ftem Selection, Data Mining, Association Rule, Cross Selling, Ranking
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